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Lorenz 63 system

Training both the:

• Dynamical model

• The noise variances

• The Filter



An example of the first dimension of the L63 system

reconstructed by the inference module of our model. The

observations are noisy (r = 33%) and irregularly sampled
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• The noise variances

• The Filter

Lorenz 63 system



An example of the first dimension of the L63 system

reconstructed by the inference module of our model. The

observations are noisy (r = 33%) and irregularly sampled



•

•

•























• 𝜽







𝑅𝑡



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡

• 𝑅𝑡



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡

• 𝑅𝑡
•



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡

• 𝑅𝑡
•

•



𝑅𝑡
𝜽 𝑀𝜽 𝑅𝑡

• 𝑅𝑡
•

•

• 𝑅𝑡







𝜽 𝒚𝒕



𝜽 𝒚𝒕

•



𝜽 𝒚𝒕

•

•



𝜽 𝒚𝒕

•

•

•



𝜽 𝒚𝒕

•

•

•



𝜽 𝒚𝒕

•

•

•



𝜽 𝒚𝒕

•

•

•

•



𝜽 𝒚𝒕

•

•

•

•

•



𝜽 𝒚𝒕

•

•

•

•

•

•



𝜽 𝒚𝒕

•

•

•

•

•

•

•



• ≥

•



•

•

•



• ω ψ

π

• ω ψ

•



• ω ψ

π

•



•

•

•

•

•

•

•







•

•

•

•

•



•

•

•


